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ABSTRACT A novel approximate solution method for the Euclidean Steiner tree problem is proposed and
its performance is demonstrated through experiments using 195 benchmark problem instances from the
OR-Library. Given a finite number of terminal points, the proposed method first generates non-terminal
points around each terminal point and at the same location as the Steiner point for each triangle obtained
by the Delaunay triangulation for all terminal points. It next runs a genetic algorithm to select a subset
of the generated non-terminal points, aiming to minimize the total edge length of a minimum spanning
tree for all the terminal points and the selected non-terminal points. It then optimizes the locations of the
non-terminal points in the tree usingWeiszfeld’s method, while preserving the topology. It finally refines the
tree by adding new non-terminal points, adding and removing edges, and optimizing the locations of all non-
terminal points. The experimental results show that, among 150 benchmark problem instances with known
optimal solutions, the proposed method successfully constructs a Euclidean Steiner tree for 61 instances.
For the remaining 89 instances, it produces an approximate solution whose total edge lengths is less than
100.7% of the optimal. The experimental results also show that the proposed method obtains approximate
solutions efficiently: within 1.5 seconds for instances with up to 100 terminal points and within 61 seconds
for instances with up to 1,000 terminal points.

INDEX TERMS Combinatorial optimization, genetic algorithm, Fermat problem, Weiszfeld’s method,
Delaunay triangulation.

I. INTRODUCTION
The Euclidean Steiner Tree Problem (ESTP) [1] has been
a significant challenge in the fields of combinatorial
optimization and computational geometry. Given a finite
set of terminal points in the two-dimensional Euclidean
space, the goal of the ESTP is to construct a spanning
tree that connects all terminal points, possibly incorporating
additional non-terminal points known as the Steiner points,
in such a way that the total edge length is minimized. Since
shortest path problems encountered in various domains – such
as electrical circuits, computer networks, telecommunication
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systems, power grids, and transportation systems – can be
formulated as instances of the ESTP, it has been the focus
of extensive research over the past several decades [2].

One of the most challenging aspects of the ESTP lies in
determining both the number and locations of the Steiner
points. However, it has been proved that the ESTP is NP-
hard [3]. As a consequence, a large number of research efforts
have been dedicated to devising heuristic algorithms and
approximation methods for solving the ESTP [4], [5], [6],
[7], [8], [9], [10], [11], [12], [13], [14], [15]. Smith et al. [4]
presented a heuristic algorithm based on a decomposition
approach using the Delaunay triangulation [16], the Voronoi
diagram, and the Minimum Spanning Tree (MST). Fampa
and Anstreicher [5] proposed some techniques to address
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several issues in Smith’s branch-and-bound algorithm and
demonstrated experimentally that they significantly improve
performance. Van Laarhoven and Ohlmann [6] presented a
heuristic that utilizes the Delaunay triangulation to generate
candidate Steiner points for insertion, the MST to identify
Steiner points to remove, and second-order cone program-
ming to optimize the location of the remaining Steiner points.
Hsu et al. [10] designed a novel biologically-inspired explore-
and-fuse approach. Bereta [11] concerned with the Baldwin
effect and Lamarckian evolution in a memetic algorithm.
Pinto andMaculan [12] presented two heuristics for the ESTP
in higher dimensions and showed that those heuristics return
relatively good solutions. Cao et al. [14] proposed a binary
particle swarm optimization algorithm for the ESTP, and
applied it to the problem of establishing a communication
network connecting 144 cities in China. Bereta [15] presented
a genetic algorithm for the ESTP and pointed out that
significant improvement can be achieved through proper
initialization of the initial population, which depends on the
appropriate sorting of vertices.

Recently, Zhang et al. [13], the authors of the present paper,
proposed an approximate solution method for the ESTP
based on a genetic algorithm. This method first generates
non-terminal points around each terminal point using a
simple rule, next runs a genetic algorithm to select a subset
of the generated non-terminal points, aiming to minimize
the total edge length of an MST for all terminal points
and the selected non-terminal points, and finally optimizes
the locations of the non-terminal points in the MST using
Weiszfeld’s method [17], [18], while preserving the topology.
Experimental results show that this simple method can find
good approximate solutions, but they tend to have fewer
non-terminal points than the corresponding Euclidean Steiner
Trees (ESTs).

Although the ESTP is NP-hard, a number of researchers
have investigated exact algorithms over the past several
decades [19], [20], [21], [22], [23], [24]. Winter [19]
proposed an exact algorithm called GeoSteiner, which is
considerably faster than earlier exact algorithms. Winter and
Zachariasen [20] designed an exact algorithm which is based
on but much faster than GeoSteiner. Van Laarhoven and
Anstreicher [21] presented geometric conditions that can
be used to eliminate candidate topologies for the ESTs in
d-dimensional Euclidean space with d ≥ 2, which is an
extension of the results of Winter and Zachariasen [20].
Juhl et al. [22] described algorithmic enhancements that
improves the performance of the GeoSteiner software
package, and presented a computational study performed
on the largest problem instances from the 2000-study.
Brazil et al. [23] introduced an exact algorithm for the
Euclidean k-Steiner tree problem, which minimizes the total
edge length of the tree connecting given terminal points
and at most k additional Steiner points, allowing them to
have degree four. They extended the basic framework of
GeoSteiner’s generation algorithm so that degree-four Steiner
points are allowed, derived some new results restricting the

structural and geometric properties of optimal k-Steiner trees,
and developed efficient topological pruning methods based
on those results. Lee et al. [24] designed a novel pruning
test to allow more extensive elimination of sub-optimal
topologies during the generation phase of the exact algorithm
for the Euclidean k-Steiner tree problem [23].
As described above, substantial progress has been achieved

in the development and acceleration of exact algorithms for
the ESTP, owing to the dedicated efforts of many researchers.
Nevertheless, due to the NP-hard nature of the problem, such
acceleration is inherently limited. Therefore, further enhance-
ment of both the efficiency and accuracy of approximation
algorithms remains a critical area of ongoing research.

In this paper, we propose a novel approximate solution
method for the ESTP, which builds upon the authors’
previous work [13] but newly incorporates techniques such
as an exact algorithm for three terminal points and the
Delaunay triangulation. The proposed method first generates
non-terminal points not only around each terminal point but
also at the same location as the Steiner point for each triangle
obtained by the Delaunay triangulation for all terminal points.
It next runs a genetic algorithm to select a subset of the
generated non-terminal points, and optimizes the locations
of the selected non-terminal points, aiming to minimize the
total edge length of an MST for all the terminal points
and the selected non-terminal points, in the same way as
the previous work. It finally repeats the following two
procedures: i) selecting two edges that share a terminal point
and generating a new non-terminal point at the same location
as the Steiner point for the three endpoints of the two edges,
ii) removing the two edges and adding three edges connecting
the new non-terminal point to the three endpoints. This step
is introduced to overcome the weakness of the previous work
described above.

The effectiveness of the proposed method is evaluated
through experiments conducted on 195 problem instances
from the OR-Library [25]. The experimental results show
that, among the 150 instances with known optimal solutions,
the proposed method constructs ESTs in 61 instances,
approximate solutions whose total edge lengths are less than
100.1% of the optimal in 83 instances, and approximate
solutions whose total edge lengths are between 100.1%
and 100.7% of the optimal in the remaining six instances.
This indicates the proposed method outperforms the authors’
previous method and an existing evolutionary algorithm [11].
The experimental results also show that the proposed method
obtains approximate solutions efficiently: within 1.5 seconds
for instances with up to 100 terminal points and within
61 seconds for instances with up to 1,000 terminal points.

II. EUCLIDEAN STEINER TREE PROBLEM AND SOME
KNOWN RESULTS
A. PROBLEM STATEMENT
Let G = (V ,E) be an undirected, connected, and weighted
graph. If a subgraph of G is a tree that includes all vertices
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FIGURE 1. How to find the unique Steiner point for three terminal points.

in G then it is called a spanning tree of G. If the sum of the
weights on all edges in a spanning tree ofG is not greater than
any other spanning trees of G then it is called a Minimum
Spanning Tree (MST) of G.
Suppose we are given a finite set of terminal points X =
{x1, x2, . . . , xn} ⊂ R2. A Euclidean MST of X is an MST
of the complete graph Kn of which the vertex set is X and
the weight wij (= wji) on the edge {xi, xj} is defined by the
Euclidean distance between xi and xj, that is, wij = ∥xi−xj∥.
The Euclidean Steiner Tree Problem (ESTP) is to find a finite
set S = {s1, s2, . . . , sn

′

} ⊂ R2 of non-terminal points such
that the sum of the weights of all edges (or the total edge
length) of a EuclideanMST of X∪S is minimized. Such a tree
is called a Euclidean Steiner Tree (EST), and the non-terminal
points in S are called the Steiner points.

It is well known that every EST has the following
properties (see Gilbert and Pollak [1] for details).

1) The angle between any two adjacent edges is not less
than 2π/3 radians.

2) No more than three edges are incident to any vertex.
3) The number of edges incident to any Steiner point is

three, and the angle between them is 2π/3 radians.
4) The number of Steiner points is not greater than the

number of terminal points minus two.
5) All Steiner points are included in the convex hull of the

terminal points.

B. STEINER POINT FOR THREE TERMINAL POINTS
The ESTP with n = 3 is widely known as the Fermat prob-
lem, and has been completely solved by many authors [1],
[2], [26], [27]. One of their solution methods is illustrated in
Fig. 1.We explain briefly how to find the unique Steiner point
s (if it exists) using this method.

Let X = {x1, x2, x3} be a given set of three terminal points
which are distinct from each other.We first check whether the
triangle formed by x1, x2 and x3 has an internal angle greater
than or equal to 2π/3 radians, that is, there exist i, j and k
such that {i, j, k} = {1, 2, 3} and

(xj − xi)⊤(xk − xi)
∥xj − xi∥∥xk − xi∥

≤ −
1
2

. (1)

Algorithm 1 Three-Point Algorithm

Input: X = {x1, x2, x3} ⊂ R2 where x1, x2 and x3 are
distinct from each other.

Output: Steiner point s ∈ R2 or ‘‘None’’
1: If there exist i, j and k such that {i, j, k} = {1, 2, 3}

and (1) is satisfied then return ‘‘None’’ and stop.
2: Set p ← R(π/2)(x3 − x2) and q ← R(π/3)(x3 − x2)

where R(θ) is the rotation matrix defined by (2).
3: If p⊤(x1−x2) and p⊤q have different signs then set v←
x2 + q. Otherwise set v← x2 + R(−π/3)(x3 − x2).

4: Set s← v+ t(x1 − v) where t is given by (3).
5: Return s and stop.

If this is the case, there is no Steiner point. Otherwise, we find
a point v such that i) x2, x3 and v form an equilateral triangle
and ii) the line segment connecting v and x1 intersects the line
passing through x2 and x3. By the first condition, v must be
either v1 = x2+R(π/3)(x3−x2) or v2 = x2+R(−π/3)(x3−
x2) where R(θ) is the rotation matrix defined by

R(θ) :=
(
cos θ − sin θ

sin θ cos θ

)
. (2)

By the second condition, the inner products p⊤(x1 − x2) and
p⊤(v − x2) must have different signs, where p is a normal
vector of the line passing through x2 and x3. Using this
condition, we choose either v1 or v2 to be v. We then draw a
circle passing through v, x2 and x3, and find the intersection
s (̸= v) of the line segment connecting v and x1 and the circle,
which is given by s = v+ t(x1 − v) where

t =
2(x1 − v)⊤(x2 + x3 − 2v)

3∥x1 − v∥2
. (3)

The above-mentioned procedure to find the unique Steiner
point (if it exists) for a given set X = {x1, x2, x3} of three
terminal points is formally stated in Algorithm 1.

C. WEISZFELD’S METHOD
As an extension of the Fermat problem, we consider the
geometric median problem, which is also known as the
Fermat-Weber problem [28]. Let X = {x1, x2, . . . , xn} ⊂ R2

be a given set of terminal points. The Fermat-Weber problem
is formulated as follows:

minimize f (y) :=
n∑
i=1

∥y− xi∥ . (4)

An optimal solution of this problem is called a geometric
median of X . It is well known that the optimal solution is
uniquely determined unless all of the n terminal points lie on
the same line [29].

Weiszfeld [17], [18] proposed an iterative method for
solving the problem (4), which repeatedly updates the value
of y according to the rule:

y←
1∑n

i=1
1

∥y−xi∥

n∑
i=1

xi

∥y− xi∥
.
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Let the value of y after k updates be denoted as y[k]. It has
been proved that if y[k] ̸∈ X for all k ≥ 0 then f (y[k + 1]) ≤
f (y[k]) for all k ≥ 0 and the equality holds if and only if
y[k] is an optimal solution of (4) [17], [28], [30]. It has also
been proved that if y[k] ̸∈ X for all k ≥ 0 then the sequence
{y[k]}∞k=0 converges to an optimal solution of (4) [31].
Weiszfeld’s method plays an important role in the approx-

imate solution method for ESTPs proposed in this paper.

III. APPROXIMATE SOLUTION METHOD FOR EUCLIDEAN
STEINER TREE PROBLEM
A. OUTLINE
We propose a novel approximate solution method for solving
the ESTPs. The proposed method is based on the authors’
previous work [13], but newly incorporates techniques such
as the three-point algorithm described in the previous section
and the Delaunay triangulation [16], [32]. The Delaunay
triangulation of a set of terminal points is defined as the
unique triangulation so that the circumsphere of each triangle
has no terminal points in its interior [33]. Since it possesses
important properties related to generation of non-terminal
points, the Delaunay triangulation has been used in many
heuristic algorithms for solving the ESTPs [6], [34].
The proposed method consists of four main stages. In the

first stage, initial non-terminal points are generated around
each terminal point, and at the same locations as the Steiner
points for triangles obtained by performing the Delaunay
triangulation for the set of all terminal points (see Fig. 2(a)).
In the second stage, a subset of the initial non-terminal
points are selected using the genetic algorithm in the authors’
previous work [13], aiming to minimize the total edge length
of a Euclidean MST for all terminal points and the selected
non-terminal points (see Fig. 2(b)). In the third stage, the
locations of the non-terminal points selected in the second
stage are optimized in the same way as in the authors’
previous work [13] so that the total edge length of the
spanning tree isminimized (see Fig. 2(c)). In the last stage, for
each pair of edges sharing a common vertex corresponding
to a terminal point, a new non-terminal point is generated
at the same location as the Steiner point for the three end
points of the two edges to further reduce the total edge
length (see Fig. 2(d)). We call this process refinement of
a tree.

In what follows, we describe each stage in more detail.

B. GENERATION OF INITIAL NON-TERMINAL POINTS
In the first stage, the proposed method generates initial
non-terminal points using two rules. One is the same as in
the authors’ previous work [13]. For each terminal point xi,
the radius r i is determined first by

r i = C min
j̸=i
∥xi − xj∥ (5)

where C is a positive constant less than 0.5, and then q non-
terminal points denoted by yq(i−1)+k (k = 1, 2, . . . , q) are

generated as follows:

yq(i−1)+k = xi + r iR
(
2π (k − 1)

q

)
e1, k = 1, 2, . . . , q

where R(θ) is the rotation matrix defined by (2) and e1 :=
(1, 0)⊤. The other is based on the Delaunay triangulation and
the three-point algorithm. First the Delaunay triangulation is
performed for the set of all terminal points. Then Algorithm 1
is run for each of the triangles obtained by the Delaunay
triangulation. If Algorithm 1 returns the Steiner point s then
a non-terminal point is generated at the same location as s.

Figure 2(a) shows an example to illustrate how initial
non-terminal points are generated in the proposed method.
The blue circles represent given terminal points, the blue lines
a Euclidean MST of the terminal points, the gray lines the
edges of triangles obtained by theDelaunay triangulation, and
the red circles the initial non-terminal points generated using
the method described above with C = 0.3 and q = 7.

C. SELECTION OF NON-TERMINAL POINTS
Let Y = {y1, y2, . . . , ym} be the set of all non-terminal points
generated in the first stage. In the second stage, the proposed
method uses the Genetic Algorithm (GA) developed in the
authors’ previous work [13] to find a subset Y1 of Y such that
the total edge length of a Euclidean MST for the points in the
set X ∪ Y1 is as short as possible.
GAs are random search methods inspired by the principles

of natural selection and genetic inheritance observed in
biological systems [35], [36]. They first initialize a population
of candidate solutions. Each candidate solution is represented
as a sequence of 0’s and 1’s, which is called a chromosome.
They next evaluate each candidate solution using a fitness
function, and update the population of candidate solutions
using some genetic operations such as selection, crossover
and mutation. This process is repeated until a termination
criterion is satisfied.

In the first step of our GA, the initial population of nc
chromosomes of length m is generated randomly. To be
more precise, each gene of a chromosome is set to 1 with
probability pw ∈ (0, 1) and 0 with probability 1 − pw,
independently of other genes. A chromosome b = (b1,
b2, . . . , bm) ∈ {0, 1}m is an encoding of a subset Y ∗ of
Y , where bi = 1 indicates that yi is included in Y ∗, and
bi = 0 otherwise.
In the second step, the fitness of each chromosome b in

the initial population is evaluated. To do so, a Euclidean
MST for X , the set of all terminal points, and the set of
non-terminal points represented by b is obtained using Prim’s
algorithm [37]. The fitness of b is then evaluated by the
inverse of the total edge length of the tree. However, it is clear
that if the Euclidean MST contains a non-terminal point with
degree one or two then the total edge length can be reduced
by removing the non-terminal point. Therefore, in this case,
the fitness of b is evaluated after transforming it into a
better chromosome b∗. To be more precise, the following two
operations are done alternatively until the Euclidean MST
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FIGURE 2. Four main stages of the proposed method: (a) generation of non-terminal points, (b) selection of
non-terminal points using a genetic algorithm, (c) optimization of the locations of the selected non-terminal
points, and (d) refinement of the tree. Blue and red circles represent terminal and non-terminal points,
respectively. Blue lines represent the edges of the tree.

does not have such non-terminal points: i) construction of
the Euclidean MST and ii) removal of a non-terminal point
with degree less than three. The procedure for evaluation of
a chromosome is formally stated in Algorithm 2.

In the third step, the population of chromosomes is
updated ng times using three standard genetic operations:
selection, crossover and mutation. Let P be the population
of chromosomes of the current generation. It should be noted
that, strictly speaking, P is a multiset and thus can contain
multiple instances of the same chromosome. Let ps, pc and
pm be positive numbers satisfying ps + pc + pm = 1. Let
pf be a positive number less than one. The population P′ of
chromosomes of the next generation, which is also a multiset,
is obtained as follows. First, P′ is initialized as P′ = {bbest}
where bbest is a chromosome in P with the highest fitness
value. Second, one genetic operation, randomly selected
from selection, crossover and mutation with probabilities ps,
pc and pm, respectively, is applied to P, and the resulting

one or two chromosomes are added to P′. This process is
repeated until |P′| reaches or exceeds nc where |P′| denotes
the cardinality of P′. Then the fitness of each chromosome
in P′ is evaluated as in the second step. Note that some of the
chromosomes may be transformed into better ones during the
evaluation.

The three genetic operations used in our GA are as
follows. Selection selects one chromosome from P using
the tournament selection rule, that is, randomly selects K
chromosomes from P with equal probability, and then selects
one chromosome with the highest fitness value from the K
chromosomes. Crossover selects two chromosomes from P
using the tournament selection rule, and then generates two
new chromosomes by applying the single-point crossover
operation. Mutation selects one chromosome from P using
the tournament selection rule and, for each gene of the
chromosome, changes its value (from 0 to 1 or from 1 to 0)
with probability pf .
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Algorithm 2 Evaluation of Chromosome

Input: X = {x1, x2, . . . , xn},Y = {y1, y2, . . . , ym} ⊂
R2 and b = (b1, b2, . . . , bm) ∈ {0, 1}m

Output: b∗ = (b∗1, b
∗

2, . . . , b
∗
m) ∈ {0, 1}

m, T = (X∪Y ∗,E∗)
and v ∈ R++

1: Set b∗← b.
2: Set Y ∗← {yi ∈ Y | b∗i = 1}.
3: Find a Euclidean minimum spanning tree T = (X ∪
Y ∗,E∗) of X ∪ Y ∗ using Prim’s algorithm.

4: Search for an index i ∈ {1, 2, . . . ,m} such that b∗i =
1 and the degree of yi in T is less than three. If such an
index does not exist, go to Step 6.

5: Set b∗i ← 0 and go to Step 2.
6: Find the total edge length ℓ of T and set v← 1/ℓ.
7: Return b∗, T and v, and then stop.

In the last step of our GA, one chromosome with the
highest fitness value is selected from the population of
chromosomes of the final generation.

The above-mentioned procedure to select non-terminal
points is formally stated in Algorithm 3. Note that the tree
returned by Algorithm 3 does not include any non-terminal
points of degree one or two, because such non-terminal points
are removed during the evaluation process in Step 12.

Figure 2(b) shows the result of the selection of
non-terminal points from those in Fig. 2(a). The blue and
red circles represent the terminal points and the selected
non-terminal points, respectively. The blue lines represent
the Euclidean MST of the terminal points and the selected
non-terminal points.

D. OPTIMIZATION OF LOCATIONS OF NON-TERMINAL
POINTS
Let T1 = (X ∪ Y1,E1) be the Euclidean MST corresponding
to the chromosome selected by the GA. If T1 contains non-
terminal points, their locations are not optimal in general.
So, in the third stage, the proposed method optimizes the
locations of all non-terminal points to minimize the total
edge length of T1, while preserving the topology, with the
exception of vertex merging.

We assume without loss of generality that y1, y2, . . . ,
ym1 are non-terminal points contained in T1. The proposed
method updates the locations of the non-terminal points
sequentially using Weiszfeld’s method as

yi←

∑
j∈N1(i)

xj
∥xj−yi∥ +

∑
j∈N2(i)

yj

∥yj−yi∥∑
j∈N1(i)

1
∥xj−yi∥ +

∑
j∈N2(i)

1
∥yj−yi∥

(6)

until the movement of all non-terminal points is sufficiently
small, where N1(i) ⊆ {1, 2, . . . , n} is the set of indices of all
terminal points adjacent to yi, and N2(i) ⊆ {1, 2, . . . ,m1} is
the set of indices of all non-terminal points adjacent to yi.
It has been proved under a mild condition that, by using
Weiszfeld’smethod, the total edge length of the tree decreases
monotonically and all non-terminal points converges [28].

Algorithm 3 Selection of Non-Terminal Points

Input: X = {x1, x2, . . . , xn}, Y = {y1, y2, . . . , ym} ⊂ R2,
nc, ng,K ∈ Z++, pw, ps, pc, pm, pf ∈ (0, 1)

Output: T1 = (X ∪ Y1,E1) where Y1 ⊆ Y
1: Set t ← 0.
2: Generate nc binary sequences b1, b2, . . . , bnc of length
m in such a way that bki , the i-th bit of the k-th sequence,
is set to 1 with probability pw and 0 with probability
1− pw, and set P← {b1, b2, . . . , bnc}.

3: Evaluate sequences inP using Algorithm 2. Let bbest ∈ P
be a sequence with the highest fitness value.

4: Set t ← t + 1 and Set P′← {bbest}.
5: Select K sequences randomly from P with equal

probability, and then select one from the K sequences
with the highest fitness value. Let bk1 be the sequence.

6: Select one from the three genetic operations: selection,
crossover and mutation, randomly with probability ps,
pc and pm, respectively. If selection is selected, go to
Step 7. If crossover is selected, go to Step 8. If mutation
is selected, go to Step 9.

7: Add bk1 to P′, and go to Step 10.
8: Select K sequences randomly from P with equal

probability, and then select one from the K sequences
with the highest fitness value. Let bk2 be the sequence.
Apply the single-point crossover operation to bk1 and bk2 ,
add the generated two sequences to P′, and go to Step 10.

9: For i = 1, 2, . . . ,m, set bk1i ← 1− bk1i with probability
pf , and then add bk1 to P′.

10: If |P′| < nc then go to Step 5.
11: If t < ng then set P← P′ and go to Step 3.
12: Evaluate sequences in P′ using Algorithm 2. Let bbest ∈

P′ be a sequence with the highest fitness value, and T1 =
(X ∪ Y1,E1) be the tree corresponding to bbest.

13: Return T1 and stop.

Note that it sometimes occurs that a non-terminal point
approaches a terminal point or two non-terminal points
approach each other. In these cases, the proposed method
merges two points into one.

The above-mentioned procedure to optimize the locations
of non-terminal points is formally stated in Algorithm 4. Note
that the tree returned by Algorithm 4 does not contain any
non-terminal points of degree one or two. This can be justified
as follows. If yi and yj in Step 7 are not adjacent then the
degree of yi after the merge is no less than the degrees of yi

and yj before themerge. If yi and yj are adjacent then no vertex
can be adjacent to both of them; otherwise, T1 = (X ∪Y1,E1)
would not be a tree. In this case, the degree of yi after the
merge is no less than the degrees of yi and yj before the merge.

Figure 2(c) shows the result of the optimization of the
locations of the non-terminal points in Fig. 2(b). The number
of non-terminal points in Fig. 2(c) is equal to that in Fig. 2(b)
in this case. However, their locations are optimized, and thus
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Algorithm 4 Optimization of Locations of Non-Terminal
Points
Input: X = {x1, x2, . . . , xn}, Y1 = {y1, y2, . . . , ym1} ⊂ R2,

T1 = (X ∪ Y1,E1), ϵ ∈ R++
Output: Updated T1
1: Let L be the length of the diagonal line of the smallest

axis-aligned rectangle containing all points in X ∪ Y1.
2: Set U ← {(i, j) | xi ∈ X , yj ∈ Y1, ∥xi − yj∥ < ϵL}.
3: If U = ∅ then go to Step 5.
4: Select a pair (i, j) ∈ U . Replace yj with xi in all

edges {yj, ·} ∈ E1, remove duplicate edges and the self-
loop {xi, xi} from E1, remove all pairs (·, j) from U , and
remove yj from Y1. Go to Step 3.

5: Set V ← {(i, j) | i < j, yi ∈ Y1, yj ∈ Y1, ∥yi − yj∥ <

ϵL}.
6: If V = ∅ then go to Step 8.
7: Select a pair (i, j) ∈ V . Replace yj with yi in all edges
{yj, ·} ∈ E1, remove duplicate edges and the self-loop
{yi, yi} from E1, remove all pairs (·, j) and (j, ·) from V ,
and remove yj from Y1. Go to Step 6.

8: If Y1 = ∅ then return T1 = (X ,E1) and stop. Otherwise
update the values of all members of Y1 sequentially using
Weiszfeld’s method (6).

9: If ∥yi− yi,old∥ ≥ ϵL for some yi ∈ Y1, where yi,old is the
value of yi before update, then go to Step 2. Otherwise
return T1 = (X ∪ Y1,E1) and stop.

the angles between edges incident to the same non-terminal
point are approximately equal to 2π/3 radians.

E. REFINEMENT OF TREE
Trees after the optimization of the locations of non-terminal
points tend to have fewer non-terminal points than the
corresponding ESTs, and hence their total edge lengths are
not sufficiently close to the optimal. This is a weakness of
the authors’ previous method [13].
To overcome this weakness, the proposedmethod adds new

non-terminal points to the tree and optimize their locations in
the fourth stage. To be more precise, the proposed method
first searches for a pair (e1, e2) of adjacent edges that share a
terminal point and for which the triangle formed by the three
endpoints of e1 and e2 has no internal angle greater than or
equal to 2π/3 radians. It next generates a new non-terminal
point s using Algorithm 1 for the three endpoints. It then adds
new edges connecting s with the three endpoints and remove
e1 and e2. This process is repeated until there is no such pair
of adjacent edges.

The proposed method finally runs Algorithm 4 again
because the locations of non-terminal points are not optimal
in general.

The above-mentioned procedure to refine the tree is
formally stated in Algorithm 5. Note that the tree returned
by Algorithm 5 does not contain any non-terminal points of
degree one or two. This can be justified as follows. The new

Algorithm 5 Refinement of Tree

Input: X = {x1, x2, . . . , xn}, Y2 = {y1, y2, . . . , ym2} ⊂ R2,
T2 = (X ∪ Y2,E2), ϵ ∈ R++

Output: Updated T2
1: Search for a pair (e1, e2) of distinct edges in E2 such that

they share one common vertex in X and, for the three
vertices incident to e1 or/and e2, Algorithm 1 returns a
point s ∈ R2. If such a pair does not exist, go to Step 3.

2: Add s to Y2, add three edges connecting s to the three
vertices incident to e1 or/and e2 to E2, and remove e1 and
e2 from E2. Go to Step 1.

3: Optimize the locations of non-terminal points in the tree
T2 = (X ∪ Y2,E2) using Algorithm 4, and return the
resulting T2.

FIGURE 3. The number of problem instances for which the proposed
method achieved a ratio equal to 1, in the interval (1, 1.001] and in the
interval (1.001, 1.007].

non-terminal point s introduced in Step 2 has degree three,
and the degrees of all other non-terminal points remain
unchanged after the insertion of s. Moreover, the tree returned
byAlgorithm 4 also contains no non-terminal points of degree
one or two.

Figure 2(d) shows the result of the refinement of the tree in
Fig. 2(c). It is easily seen that Fig. 2(d) contains three more
non-terminal points than Fig. 2(c).

IV. EXPERIMENTS
A. SETUP
In order to evaluate the performance of the proposed method,
we implemented it in Python language version 3.11 and C++
language,1 and conducted experiments using 195 problem
instances from the OR-Library [25], which are labeled from
10-1 to 1000-15. The number before the hyphen indicates
the number of terminal points, while the number after the
hyphen represents the index of the instance. The parameters
in the proposed method were fixed as shown in Table 1.
Those values were determined through preliminary

1Only Prim’s algorithm for constructing the MST is written in C++
language and called from Python using ctypes library.
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TABLE 1. The values of the parameters used in the experiments.

TABLE 2. Total edge lengths and the numbers of non-terminal points of ESTs and trees obtained by the proposed method (Part 1).

experiments. For each instance, the Python program was run
10 times, and the minimum, average and maximum of the
total edge lengths, the numbers of non-terminal points in the
obtained trees, and the execution time were recorded. All
experiments were performed on a computer with an Intel®

Core™ i9-13900KF and 32GB RAM running Windows 11.

B. RESULTS
Tables 2–6 show the minimum, average and maximum of the
total edge lengths and the numbers of non-terminal points in
the obtained trees, as well as the total edge length and the
number of Steiner points of the EST provided in the OR-
Library, for each of the 150 instances with 10 to 100 terminal
points. The numbers in parentheses are ratios to the total edge
lengths of the ESTs. The bold numbers indicate that the total

edge length of the tree constructed using the proposedmethod
is equal to that of the EST.

We see from Tables 2–6 that the proposed method found an
EST in 61 out of the 150 instances. The proposed method also
achieved a ratio within the interval (1, 1.001] for 83 instances,
and within the interval (1.001, 1.007] for six instances. The
distributions of these three types of instances for 10 groups
categorized by the number of terminal points are shown in
Fig. 3. It can be observed from the figure that the number
of instances for which the proposed method constructed an
EST decreases as the number of terminal points increases.
It can also be observed from the figure that the proposed
method sometimes failed to achieve a ratio less than or
equal to 1.001 in instances with 60 or fewer terminal points.
In contrast, for instances with 70 or more terminal points,
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TABLE 3. Total edge lengths and the numbers of non-terminal points of ESTs and trees obtained by the proposed method (Part 2).

TABLE 4. Total edge lengths and the numbers of non-terminal points of ESTs and trees obtained by the proposed method (Part 3).

the proposed method consistently achieved a ratio less than
or equal to 1.001. This demonstrates the capability of the

proposed method to construct high-accuracy approximate
solutions in a stable manner.
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TABLE 5. Total edge lengths and the numbers of non-terminal points of ESTs and trees obtained by the proposed method (Part 4).

TABLE 6. Total edge lengths and the numbers of non-terminal points of ESTs and trees obtained by the proposed method (Part 5).

Figure 4 illustrates the distribution of 150 ratios for
each problem size. Across the range of problem sizes, the

distribution of the ratios remains tightly concentrated
around 1.0, with only slight upward deviations. The narrow
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TABLE 7. Comparison of the best trees obtained by the proposed and previous methods for the six instances considered by Zhang et al. [13].

TABLE 8. Total edge lengths and the numbers of non-terminal points of trees obtained by the proposed method for 45 problem instances with 250,
500 and 1,000 terminal points.

interquartile ranges and short whiskers indicate low variabil-
ity in the ratio, suggesting that the proposedmethodmaintains
stable performance even as the problem size increases.

Table 7 shows a comparison of the best trees obtained
by the proposed and previous methods for the six instances
considered in the international conference paper [13]. The

bold numbers indicate that the total edge length of the tree
is equal to that of the EST provided in the OR-Library.
It is clearly seen from the table that the proposed method
overcomes a key limitation of the previous method, which
tends to produce a small number of non-terminal points, and
yields better solutions for all of the six instances.
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FIGURE 4. Boxplots of the ratios obtained by the proposed method for the 150 instances in the OR-Library with known optimal solutions.

TABLE 9. Execution time (in second) of the proposed method.

Table 8 shows the minimum, average and maximum of the
total edge lengths and the numbers of non-terminal points
in the trees obtained by the proposed method for each of
the 45 instances with 250, 500 and 1,000 terminal points.
We do not evaluate the quality of the trees using ratio
because the optimal solutions are not available in the OR-
Library. However, these results may serve as a benchmark
for evaluating the performance of algorithms developed in the
future.

Table 9 shows the execution times of the proposed method
for the 195 problem instances. Each row of the table
presents the minimum, average and maximum execution
times obtained from 150 runs of the Python program, with
10 runs performed for each instance. It can be observed
from the table that the proposed method is able to find
an approximate solution in less than 1.5 seconds for
the 15 instances with 100 terminal points. Even for the
15 instances with 1,000 terminal points, the proposed method
is able to find an approximate solution in less than 61 seconds.
Figure 5 illustrates the relationship between the problem size
and the average execution time of the proposed method. The
log-linear plot of the relationship produces a concave curve as
shown in Fig. 5(a), while the log-log plot produces a convex
curve as shown in Fig. 5(b). These observations indicate

FIGURE 5. Relationship between the problem size and the average
execution time of the proposed method, shown as (a) a log-linear plot
and (b) a log-log plot.

that the time complexity of the proposed method is sub-
exponential. However, establishing this conclusion requires
further theoretical analysis.

C. DETAILED CASE ANALYSIS
We select three problem instances from the OR-Library, and
discuss the strengths and limitations of the proposed method.

The first instance is 100-10. Figure 6 shows (a) a Euclidean
MST for the set of terminal points, (b) the tree obtained using

122958 VOLUME 14, 2026



L. Zhang et al.: Novel Approximate Solution Method for ESTP Based on Genetic Algorithm

FIGURE 6. Case analysis of Instance 100-10: (a) a Euclidean MST for the terminal points, (b) the tree obtained using the refinement of the Euclidean
MST, (c) a tree obtained using the proposed method, and (d) the Euclidean Steiner tree provided in the OR-Library. The total edge lengths of the trees
are (a) 6.953979314, (b) 6.816744444, (c) 6.719510819, and (d) 6.719510819. The number of non-terminal points are (a) 0, (b) 39, (c) 38, and (d) 38.

FIGURE 7. Case analysis of Instance 100-1: (a) a Euclidean MST for the terminal points, (b) the tree obtained using the refinement of the Euclidean MST,
(c) a tree obtained using the proposed method, and (d) the Euclidean Steiner tree provided in the OR-Library. The total edge lengths of the trees are
(a) 6.608524624, (b) 6.437526688, (c) 6.399787929, and (d) 6.394256000. The number of non-terminal points are (a) 0, (b) 42, (c) 44, and (d) 44.

FIGURE 8. Case analysis of Instance 10-9: (a) a Euclidean MST for the terminal points, (b) the tree obtained using the refinement of the Euclidean MST,
(c) a tree obtained using the proposed method, and (d) the Euclidean Steiner tree provided in the OR-Library. The total edge lengths of the trees are
(a) 2.018842093, (b) 1.981604778, (c) 1.980716968, and (d) 1.968478249. The number of non-terminal points are (a) 0, (b) 4, (c) 4, and (d) 5.

only the refinement of the Euclidean MST, (c) a tree obtained
using the proposed method, and (d) the Steiner tree provided
in the OR-Library. The total edge lengths of these four trees
are (a) 6.953979314, (b) 6.816744444, (c) 6.719510819, and
(d) 6.719510819. It can be observed that the trees in Figs. 6(b)
and 6(c) satisfy the five conditions in Section II-A. However,
the total edge lengths of these two trees are different. The
proposed method is able to find the Steiner tree, while the
refinement of the Euclidean MST alone is not sufficient to
do it. This indicates that the first three stages of the proposed

method, that is, generation of non-terminal points, selection
of non-terminal points, and optimization of the locations of
the selected non-terminal points, are certainly effective.

The second instance is 100-1. Figure 7 shows four trees
as in Fig. 6. Their total edge lengths are (a) 6.608524624,
(b) 6.437526688, (c) 6.399787929, and (d) 6.394256000.
It can be observed that the trees in Figs. 7(b) and 7(c)
satisfy the five conditions in Section II-A. The total edge
length of the tree in Fig. 7(c) is shorter than that of the
tree in Fig. 7(b), but longer than that of the Steiner tree
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FIGURE 9. Results of the proposed method on the 144 terminal points considered by Cao et al. [14]: (a) a Euclidean MST for the terminal
points and (b) a tree obtained by the proposed method. The number of non-terminal points in the latter is 66. The total edge lengths are
(a) 26122.25135 and (b) 25108.80908.

in Fig. 7(d). This indicates that the first three stages of the
proposed algorithm are effective, but the proposed method is
not sufficient to find a Steiner tree.

The third instance is 10-9. Figure 8 shows four trees as in
Figs. 6 and 7. Their total edge lengths are (a) 2.018842093,
(b) 1.981604778, (c) 1.980716968, and (d) 1.968478249. The
total edge length of the tree in Fig. 8(c) is shorter than that of
the tree in Fig. 8(b), but longer than that of the Steiner tree in
Fig. 8(d), as in the previous instance. This indicates that the
first three stages of the proposed algorithm are effective, but
not always sufficient to find a Steiner tree even in the case of
10 terminal points.

D. COMPARISON WITH OTHER METHODS
To further evaluate the performance of the proposed method,
we compare it with the memetic algorithm developed by
Bereta [11], the heuristics for the EST in higher dimensions
proposed by Pinto and Maculan [12], and the Binary
Particle Swarm Optimization (BPSO) algorithm developed
by Cao et al. [14].

Bereta applied the memetic algorithm to the 150 instances
from the OR-Library with known optimal solutions, and
presented a graph illustrating the distributions of the mini-
mum ratios for each problem size [11, Figure 9]. Comparing
this graph with Fig. 4 and Tables 2–6, we can evaluate the
performance of Bereta’s algorithm and the proposed method.
When considering the instances with 10 or 20 terminal points,
Bereta’s algorithm outperforms the proposedmethod because
the former obtains optimal solutions for all of those instances,
whereas the latter does not. For the instances with 30 or
40 terminal points, Bereta’s algorithm and the proposed
method exhibit comparable performance. For the instances
with 50 to 100 terminal points, the proposed method clearly
outperforms Bereta’s algorithm. For example, in the instances

with 80 terminal points, the minimum ratio obtained by the
proposed method ranges from 1.00000 to 1.00080, whereas
the minimum ratio obtained by Bereta’s algorithm is greater
than 1.0015 for all such instances.

Pinto and Maculan [12] proposed two heuristics which
do not rely on the MST of the terminal points, and applied
them to 75 instances from 10-1 to 50-15 in the OR-Library.
Comparing the results [12, Table 9] with Tables 2–4, we can
easily conclude that the proposed method significantly
outperforms the heuristics in all aspects: the number of
instances for which an optimal solution is obtained, the
quality of the solution measured by the ratio, and the
execution time. However, it should be noted that the heuristics
were designed not for the ESTP in two dimensions but for
higher dimensions.

Cao et al. [14] applied the BPSO algorithm to the problem
of finding a communication network connecting 144 cities
in China. The coordinates of the cities are given in their
paper [14]. Although an approximate solution obtained by
the BPSO algorithm is provided in [14], the total edge length
of the solution is not shorter than a Euclidean MST for the
set of terminal points, because non-terminal points are not
used.2 We thus compare an approximate solution obtained
by the proposed method, which is shown in Fig. 9(b), with
a Euclidean MST, which is shown in Fig. 9(a). The total edge
length of the former is 25108.80908, while that of the latter
is 26122.25135. The proposed method produced a tree whose
total edge length is 96.12% of that of the Euclidean MST.

V. CONCLUSION
We presented a novel approximate solution method for
the Euclidean Steiner tree problem, and demonstrated its
effectiveness through experiments using 195 benchmark

2The BPSO algorithmmay not have been properly used to solve the ESTP.
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instances from the OR-Library. The proposed method is
obtained by augmenting the authors’ previous method [13],
which utilizes a genetic algorithm and Weiszfeld’s method,
with initial non-terminal point generation based on the
Delaunay triangulation, and tree refinement using a
three-point algorithm.

Experimental results show that the proposed method
outperforms the authors’ previous method, the method
using only the tree refinement, and existing evolutionary
algorithms. To bemore precise, among the 150 instances with
known optimal solutions, the proposedmethod found the EST
in 61 cases, a solution within 100.1% of the EST in 83 cases,
and a solution within 100.7% of the EST in the remaining six
cases. This indicates that the proposed method may be useful
in many engineering problems.

However, the experimental results also show that the
proposed method is not always sufficient to find the EST
even for instances with a small number of terminal points.
Improving the proposed method to more effectively solve
the ESTP remains a significant challenge for future research.
Furthermore, the proposed method is applicable only to
two-dimensional ESTPs because it relies on the three-
point algorithm. Extending the method to higher-dimensional
ESTPs is another important avenue for future work.
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